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provisions. One provision is promulgated by an agency, only to be later adopted 

in substantially the same form by another.7 The same provision can be mimicked 

over decades by dozens of disparate agencies.8  

Sometimes this practice is required by Congress or the President.9 Many 

times, however, it is not: Agencies, in their discretion, choose to import 

regulatory language from another agency’s rulemaking. Consider some 

examples: 

 

 In 1980, the Department of Education (ED) promulgated Title IX 

regulations regarding nondiscrimination on the basis of sex.10 Two 

decades later, twenty-one agencies decided to substantially copy 

most of ED’s final regulations on Title IX.11 In their “common rule,” 

they cited several reasons for doing so, including “the history of 

public participation in the development and congressional approval 

of ED’s regulations”; ED’s “leadership role” in regulatory 

enforcement; the public’s pre-existing familiarity with the 

regulations; and an interest in maintaining regulatory consistency.12  

 

 In 2001, President George W. Bush issued Executive Order 13,199 

calling for greater inclusion of faith-based organizations in federal 

                                                        
7 See infra Part I.B. 

8 Id. 

9 See Keith Bradley, The Design of Agency Interactions, 111 COLUM L. REV. 745, 751 (2011) 

(noting that the Securities and Exchange Act directs “agencies to make regulations that are 

‘substantially similar’ to those of the SEC”). As a result, “all of these agencies have copied 

the SEC’s regulations, and when the SEC amends its regulations, the banking regulators 

usually follow.” For discussion of presidential coordination, see infra Part II.A. 

10 ED was the successor agency to the Department of Health, Education and Welfare, which 

had originally promulgated the same regulations in 1975. Those regulations were later adopted 

by ED when it splintered off in 1980. See Nondiscrimination on the Basis of Sex in Education 

Programs or Activities Receiving Federal Financial Assistance. 65 FR 52,858-52,859 (Aug. 

30, 2000). Title IX provides that “No person in the United States shall, on the basis of sex, be 

excluded from participation in, be denied the benefits of, or be subjected to discrimination 

under any education program or activity receiving Federal financial assistance,” with certain 

exceptions. 20 U.S.C. 1681(a).  

11 65 FR 52,858-52,859 (Aug. 30, 2000). 

12 Id. At the same time, the agencies took care to note that their regulations were “not identical 

to ED’s regulations” in every respect. See Nondiscrimination on the Basis of Sex in Education 

Programs and Activities Receiving Federal Financial Assistance, 64 FR 58569-58572 

(emphasis added). For example, they noted, “the common rule includes modifications to be 

consistent with Supreme Court precedent and statutory changes that are not yet reflected in 

the Department of Education’s regulations. In addition . . . the participating agencies have 

made a few additional revisions to the common rule in response to public comments.” See 

Nondiscrimination on the Basis of Sex in Education Programs or Activities Receiving Federal 

Financial Assistance, 65 FR 52,858-52,859 (2000). 
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that another reason is the until-recent lack of access to machine-readable versions 

of the Federal Register.32 Earlier work on agency behavior used data drawn 

almost exclusively from the Unified Agenda33 —  a semiannual publication of 

agencies’ planned activities.34  The Unified Agenda essentially consists of self-

reported data on planned regulatory activities, which some research now 

suggests are incomplete.35 Agencies, however, are legally required to publish 

their final rules in the Federal Register.36 Data drawn from the Federal Register 

thus provide the most comprehensive portrait of agency rulemaking available.  

At the same time, administrative law scholars have increasingly studied the 

ways in which agencies relate to each other. This work has documented that these 

interactions can be demanded and designed by the President or Congress.37 Other 

                                                        
32 See Ed O’Keefe, Federal Register Makes Itself More Web-Friendly, WASH. POST, 

(October 5, 1999), https://www.washingtonpost.com/wp-

dyn/content/article/2009/10/04/AR2009100402533.html/ (announcing, in October 2009 that 

the Federal Register “will be available at Data.gov in a form known in the Web world as 

XML, which allows users to transport data from a Web site and store it, reorganize it or 

customize it elsewhere”).  

33 Unified Agenda of Federal Regulatory and Deregulatory Actions, U.S. General Services, 

Administration, https://www.gsa.gov/policy-regulations/policy/federal-regulation-

policy/unified-agenda-of-federal-regulatory-and-deregulatory-actions.; see also, e.g., Alex 

Acs & Charles M. Cameron, Does White House Regulatory Review Produce a Chilling Effect 

and “OIRA Avoidance” in the Agencies, 43 PRESIDENTIAL STUD. Q. 443, 450 (2013)  

34  See, e.g., Steven J. Balla, Political Control, Bureaucratic Discretion, and Public 

Commenting on Agency Regulations, 93 PUB. ADMIN. 524, 536 n.12 (2014); Jack M. 

Beermann, Midnight Rules: A Reform Agenda, 2 MICH. J. ENVTL. & ADMIN. L. 285, 319 n.108 

(2013). 

35. See Jennifer Nou & Edward H. Stiglitz, Strategic Rulemaking Disclosure, 89 S. CAL. L. 

REV. 733, 755–56 (2016); see also Jerry L. Mashaw, Improving the Environment of Agency 

Rulemaking: An Essay on Management, Games, and Accountability, 57 L. CONTEMP. PROBS. 

185, 198 n.41 (Spring 1994) (noting that his investigation into the quality of the Unified 

Agenda data was “sufficiently disappointing that [he did] not pursue[] the analysis on a more 

‘scientific’ basis”); Anne Joseph O’Connell, Political Cycles of Rulemaking: An Empirical 

Portrait of the Modern Administrative State, 94 VA. L. REV. 889, 927 n.108 (2008) (“[T]he 

Unified Agenda data are not perfect; they need confirmatory research.”). 

36 5 U.S.C. § 553(d) (2000) (“The required publication or service of a substantive rule shall be 

made not less than 30 days before its effective date.”). 

37 See, e.g., Keith Bradley, The Design of Agency Interactions, 111 COLUM. L. REV. 745, 746-

47 (2011) (examining how the “political branches take advantage of and shape . . . agency-

agency relationships”); Jody Freeman & Jim Rossi, Agency Coordination in Shared 

Regulatory Space, 125 HARV. L. REV. 1131, 1138–45, 1173 (2012); Anne Joseph O’Connell 

& Daniel A. Farber, Agencies as Adversaries, 105 CAL. L. REV. 1375 , 1385-86 (2017) 

(exploring conflict between agencies that is created by Congress “through delegation and 

appointment restrictions, “ by the White House “by directives,” and “[o]n occasion, [by] the 

agencies and the courts.”); Daphna Renan, Pooling Powers, 115 COLUM. L. REV. 211, 218-42 

(2015). 
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use the training set to train and compare four popular machine learning 

classifiers, the details of which are included in the appendix.81  

With the trained classifiers, we predict whether paragraphs contained in the 

test set are significant. In a last step, we compare the labels created by the 

classifiers to the labels created by the human annotator. We repeat the entire 

process five times and compare the performance of the classifiers across 

iterations.82 Importantly, because the classifiers have never encountered the 

paragraphs in the test set during training, the process yields an unbiased 

assessment of the classifiers’ performance.83 Our best-performing classifier 

correctly predicts 83% of all texts,84 which we then use to identify all significant 

texts in the FR.  

To further distinguish between regulatory paragraphs imposing a procedural 

or a substantive policy choice, we repeat the above process with a separate 

dataset of 699 paragraphs, hand-labeled for the existence of procedural policy 

choices. The classifiers trained on this latter set are even more precise, correctly 

predicting 93% of all texts. This process leaves us with 651,164 paragraphs, of 

which 63,540 (or about 10%) are procedural. More than 90% of our dataset, in 

other words, consists of texts regarding substantive policy choices. 

                                                        
81 Intuitively, each classifier can be viewed as an algorithm that automatically “reads” the text 

of a document and assesses how predictive certain words (or patterns of words or phrases) are 

for the label applied by the annotator. A naïve Bayes classifier using a multivariate Bernoulli 

distribution (“Bernoulli NB”), a naïve Bayes classifier using a multinomial distribution 

(“Multinomial NB”), an Adaptive Boosting algorithm (“ADA Boosting”), and a Gradient 

Boosting algorithm (“Gradient Boosting”). The details of the individual classifiers are 

complex and do not need to be laid out in detail. However, given that we can verify the 

performance of the classifiers without probing their mechanics, readers should not be deterred 

if the algorithms appear to be a “black box” to them. 

82 More precisely, we implement a 5-fold cross validation procedure. This means that we split 

the labeled data into five subsets, {𝑠𝑢𝑏𝑠𝑒𝑡1, 𝑠𝑢𝑏𝑠𝑒𝑡2, 𝑠𝑢𝑏𝑠𝑒𝑡3, 𝑠𝑢𝑏𝑠𝑒𝑡4, 𝑠𝑢𝑏𝑠𝑒𝑡5}. We then 

use four of these subsets to train the classifier and one to test its performance. We repeat the 

step five times, each time holding back a different subset. For instance, in iteration 1, we may 

use {𝑠𝑢𝑏𝑠𝑒𝑡1, 𝑠𝑢𝑏𝑠𝑒𝑡2, 𝑠𝑢𝑏𝑠𝑒𝑡3, 𝑠𝑢𝑏𝑠𝑒𝑡4} to train and {𝑠𝑢𝑏𝑠𝑒𝑡5} to test. Then, in iteration 2, 

we use {𝑠𝑢𝑏𝑠𝑒𝑡1, 𝑠𝑢𝑏𝑠𝑒𝑡2, 𝑠𝑢𝑏𝑠𝑒𝑡3, 𝑠𝑢𝑏𝑠𝑒𝑡5} to train and {𝑠𝑢𝑏𝑠𝑒𝑡4} to test, and so on. The 

overall performance of a classifier is the performance averaged across all five iterations. We 

employ 5-fold cross validation to minimize the risk that the assessed performance is the 

consequence of a particularly unusual split of our data into a training and a test set. 

83 Without a test set, machine learning classifiers often overfit. “Overfitting” means that the 

classifier’s predictions are influenced by random noise. For instance, if the word “labor” 

appears only once in a significant paragraph and never appears in an insignificant paragraph, 

the classifier may incorrectly assume that the word “labor” is predictive of significance, when 

in fact, the observed pattern was merely the result of chance. 

84 We note that this performance is close to the theoretical limit, given that even two humans 

reading the same texts often differ on the correct label. This is also called the “Accuracy” or 

“Correct Classification Rate.” Other performance metrics popular in the literature on 

information sciences are the AUC (0.86) and the 𝐹1 score (0.83). Our best performing 

classifier is the Gradient Boosting classifier. 
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Table 1 below contains more information on the final dataset. The Appendix 

further breaks down the amount of regulatory activity by agency. Doing so 

reveals significant heterogeneity in activity levels, with the Environmental 

Protection Agency and the Department of the Treasury drafting the most 

regulatory paragraphs by a significant margin.85 

 

 

 

Table 1. Frequencies in the Federal Register Dataset 
 

 

Unit Frequency 

Rules 27,714 

Sections 108,365 

Paragraphs 651,164 

Agencies 134 

Subagencies 179 

 

 

2. Identifying Text Reuse 

The next methodological challenge is to measure regulatory paragraph reuse 

between different agencies. We must have a way of assessing how alike two texts 

are, what is known as a “similarity measure.” Among the measures that exist in 

the literature, we choose the “Jaccard similarity,” which is an established 

measure that is computationally feasible given our large dataset as well as 

amenable to a number of other techniques designed to locate matching pairs 

efficiently.86 We begin by splitting each paragraph into sequences of five 

consecutive words (or “5-gram shingles”). To illustrate, consider the sentence: 

 

The quick brown fox jumps over the lazy dog 

 

This sentence can be split into the following five-word sequences: 

 

                                                        
85 The EPA promulgated 84,284 paragraphs and the Department of Treasury 84,172 

paragraphs. After that, the Department of Agriculture promulgated 55,934 paragraphs. 

86 See the appendix for more details. Although the Smith-Waterman local alignment algorithm 

is particularly popular in the literature on text reuse, see, for example, John Wilkerson, David 

Smith & Nicholas Stramp, Tracing the Flow of Policy Ideas in Legislatures: A Text Reuse 

Approach, 59 AM. J. POLIT. SCI. 947 (2015); and Linder et al., supra note 48, at 550-51., it is 

not conceptually compatible with very large corpora, and thus should not be used in our 

context. 
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1. the quick brown fox jumps 

2. quick brown fox jumps over 

3. brown fox jumps over the 

4. fox jumps over the lazy 

5. jumps over the lazy dog 

 

Our similarity measure computes how many of these five-word sequences 

overlap between two paragraphs and divides that by the number of unique five-

word sequences in these paragraphs. For instance, if eight out of ten sequences 

are identical, then their Jaccard similarity is 0.8. In effect, our approach assigns 

two paragraphs a high similarity score if they use the same words in the same 

word order. In contrast, the similarity score is lower if the consecutive number 

of similar words is smaller.87  

Having scored pairs of regulatory paragraphs in this way, we must now ask 

what level of similarity between the paragraphs should count as an instance of 

diffusion. On one end of the spectrum is a similarity score of 1 representing exact 

copying-and-pasting between two agencies. At this level, the two paragraphs 

between agencies are indistinguishable. Following the lead of one of our 

interview subjects, it might be useful to refer to this approach as indicating that 

an agency used a previous rule as an exact “template.” In these cases, a rule 

drafter took a preexisting rule and simply copied it verbatim into a new 

rulemaking.88  

Below this threshold, however, are a number of instances where it is almost 

certain that the drafter used a previous rule, if not as a template, then certainly as 

a “model.”89 While the paragraph may not be an exact copy, it is sufficiently 

similar as to reflect one agency’s clear use of another agency’s rule as the basis 

of its own. There may be very slight word variations, but the relationship 

between the two pairs is virtually unmistakable. There is still a substantial 

amount of text reuse and thus “copying” in a broader sense. Because our 

normative concerns are matters of degree, that is, they become stronger the more 

text diffuses, we aim to include pairs that reflect agency behavior looking to 

previous rules as both models and templates.    

Upon manual inspection of paragraphs across the range of similarity scores, 

we determine that a similarity score of 0.5 and greater makes it almost impossible 

to assume that the agency did not model its paragraph after an existing text. In 

contrast, for similarity scores below 0.5, although some portions of text may 

overlap, it is increasingly difficult to assume that one paragraph served as a 

                                                        
87 Because computing the Jaccard similarity explicitly for every pair of two paragraphs would 

require making 212 billion comparisons and because this is computationally infeasible, we 

further employ techniques from big data analysis to only compute the Jaccard similarity for 

those pairs of contracts that are likely similar. Details on this process are included in the 

appendix. 

88  Interview with Daniel Cohen, Assistant General Counsel for Regulation, U.S. Department 

of Transportation (Feb. 3, 2021) (notes on file with author). 

89 Id. 

Electronic copy available at: https://ssrn.com/abstract=4027009



 

 21 

model for the other. Consequently, we define as our threshold for text reuse a 

similarity score of 0.5. To illustrate the textual difference at this threshold, 

consider the below example in which we underline all discrepancies between the 

paragraphs: 

Sample Paragraph 1:  The disclosure must contribute to the understanding 

of a reasonably broad audience of persons interested in the subject, as opposed 

to the individual understanding of the requester. A requester’s expertise in the 

subject area as well as his or her ability and intention to effectively convey 

information to the public will be considered. It will ordinarily be presumed that 

a representative of the news media satisfies this consideration.90 

Sample Paragraph 2:  The disclosure must contribute to the understanding 

of a reasonably broad audience of persons interested in the subject, as opposed 

to the individual understanding of the requester. A requester's expertise in the 

subject area as well as the requester’s ability and intention to effectively convey 

information to the public must be considered. TVA will presume that a 

representative of the news media will satisfy this consideration.91 

It is fairly clear that the agency drafting Sample Paragraph 2 looked to 

Sample Paragraph 1 as a model. There is a substantial amount of copied text 

along with only minor and non-substantive word discrepancies.  

Although some may be skeptical about the subjectivity of our decision, the 

choice of the exact threshold has little consequence in practice. Consider Figure 

1 below, which plots the distribution of similarity scores across all pairs that we 

analyze.92 Observe that the plurality of paragraph pairs in our dataset have a 

similarity of exactly 1.93 In addition, there are no remarkable features of the 

distribution around our threshold of 0.5. Hence, whether we set the specific 

threshold a bit above or below 0.5 should not significantly affect our results. That 

said, we have also tested the robustness of our main findings to alternative 

thresholds.94 

 

 

  

                                                        
90 https://www.federalregister.gov/documents/full_text/xml/2014/02/19/2014-03549.xml 

91 https://www.federalregister.gov/documents/full_text/xml/2017/10/05/2017-21204.xml 

92 We plot the range of similarity scores from 0.45 to 1. To understand why, recall that we 

employ a probabilistic process that captures pairs with a similarity of 0.5 with a probability of 

1, but pairs with a smaller similarity at lower probability. Hence, it would be misleading to 

plot the entire range of similarity scores from 0 to 1, because low frequencies at small 

similarity scores could simply be the result of our probabilistic procedure and not the fact that 

they are indeed uncommon. At 0.45, the probability for a pair to make it into our dataset is 

0.98. 

93 More precisely, 46% of pairs have a similarity of 1. 

94 The general patterns we detail in Figure 3 and surrounding text are substantively similar for 

all thresholds between 0.5 and 1. 
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Figure 1. Distribution of Similarity Scores 

 

 

Finally, a few other features of our dataset also require brief consideration 

to isolate our phenomenon of interest. First, we assume that each paragraph can 

be borrowed only once per agency pair. If an agency borrows from another 

agency twice, we assume that the second time is a case of reusing its own 
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language rather than that of another.95 Next, as previously mentioned, agencies 

can issue “joint” or “common” regulations resulting in a single rule signed by 

the relevant agencies. The nature of these rulemakings makes it unclear how 

much text reuse there is between agencies as opposed to consensus drafting or 

top-down direction by a coordinating official. Relatedly, because the rule results 

in a single, unified text, it is difficult to ascertain which agencies are leaders or 

followers. For these reasons, if the pair of paragraphs includes at least one text 

published by a number of agencies at the same time, we include one observation 

for each agency that participated in the rulemaking process.96 
Regulatory diffusion also occurs between bureaus and offices within 

agencies over time. For instance, Immigration and Customs Enforcement (ICE) 

could reuse regulatory text from the Transportation Security Administration 

(TSA)—both are sub-agencies within the Department of Homeland Security 

(DHS). While this dynamic is interesting, it is arguably much easier to explain 

than inter-agency diffusion, which is the topic of focus: Many agencies, for 

example, have central, coordinating offices that can diffuse regulatory text across 

sub-agencies or otherwise keep templates on file.97 In addition, our dataset is 

missing the subagency identity for many entries. For these reasons, we exclude 

all instances of diffusion that occur within the same agency, focusing instead on 

inter-agency diffusion.98  

                                                        
95 For instance, it might happen that agency 𝐴2 publishes regulatory language in the FR that 

resembles that of 𝐴1 twice, once in 2010 and again in 2015. In this case, we would only include 

the pair {𝐴1, 𝐴2}
2010, not {𝐴1, 𝐴2}.

2015 Again, our rationale is that once 𝐴2 has reused the 

regulatory text of 𝐴1 in 2010, it is sensible to assume that any future reuse is 𝐴2 borrowing 

from what is now its own regulatory language, rather than using the regulation of 𝐴1 as a 

model for a second time. 

96 For instance, if an agency 𝐴1 borrows text from a joint rule enacted by agencies 𝐴2, 𝐴3 and 

𝐴4 collectively, then our dataset includes three observations: {𝐴1, 𝐴2}, {𝐴1, 𝐴3} and {𝐴1, 𝐴4}. 
At the same time, we do not count pairs of text reuse that occur between two agencies that 

both were part of the same joint rulemaking process. For instance, in our example above, we 

do not include {𝐴2, 𝐴3}, {𝐴2, 𝐴4} and {𝐴3, 𝐴4} into our dataset. From an empirical perspective, 

we note that pairs in which both agencies are part of the same rule outnumber pairs where 

each agency is part of a different rule by a factor of 8.96 Thus, if we were to add these pairs to 

our dataset, our analysis would also largely reduce to a study of joint and common 

rulemakings, which are not the only dynamics we are interested in. See, e.g., Freeman & Rossi, 

supra note 37, at 1166-73. 

97 See Jennifer Nou, Intra-Agency Coordination, 29 HARV. L. REV. 421, 453–59 (2015). 

98 Some instances of text reuse between agencies occurs because Congress has created a new 

agency that assumes the functions of pre-existing agencies. DHS, for example, incorporated 

many of the tasks of the U.S. Coast Guard (previously within the Department of 

Transportation), U.S. Customs and the U.S. Secret Service (both within the Department of 

Treasury), and Immigration and Naturalization Service (within Department of Justice), among 

others. When DHS started operations in 2013, it simply republished many of the rules of these 

predecessor agencies. We exclude these instances for reasons similar to excluding intra-

agency diffusion: They can, in some sense, be viewed as instances of agencies copying from 

themselves. When republication occurs, the new agency’s subunits are copying texts from 

previous subunits that had been housed in a different agency. For this reason, we exclude 
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After omitting the above categories, we end up with 36,146 observations, 

where each observation is a pair of two texts that have been published in the FR 

by different agencies. These observations form our core dataset.  

B. Analysis 

To generate systematic insights into patterns of text reuse, it is helpful to 

conceive of drafting agencies as a network. In that network, agencies can be 

thought of as nodes, or verticies, and instances of text reuse can be thought of as 

edges, or links, that connect these nodes.99 These links represent relationships 

between agencies that arise because of their shared regulatory paragraphs.100 On 

the one hand, this lens allows for observations about the structure of connections 

between agencies. These sustained interactions suggest synergies between 

agencies that may otherwise be unexpected. On the other hand, it also allows for 

more in-depth analyses between clusters of agencies or between those at the 

center and the periphery. 101 To help visualize this, Figure 2 below plots two such 

networks. The left panel depicts text reuse between all agencies in the year 2005. 

The right panel depicts text reuse in the year 2020.  

 

Figure 2: Network Plots of Regulatory Diffusion, 2005 and 2020 

 

 
       2005           2020 
 

 

First observe that the diffusion network in the right panel contains many 

more edges than the network on the left. Specifically, the number of edges 

increased from 145 to 734. Second, there are many more agencies that are 

connected to other agencies by at least one edge. Together, these findings suggest 

that the prevalence of text reuse, as well as the number of agencies and agency-

                                                        
republished paragraphs from the dataset by dropping those rules with summaries indicating 

that the rule has been republished. Of course, if an agency has not specified that the rule has 

been republished (even though it has), we are unable to drop it.   

99 See Ryan Whalen, Legal Networks: The Promises and Challenges of Legal Network 

Analysis, 2016 MICH. ST. L. REV. 539, 540-42 (2016). 

100 A useful analogy may be the network analysis of judicial citation practices to understand 

what sources judges were drawing from when making decisions. Id. at 548-51. 

101 Id. at 543. 
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relationships affected by text reuse, has increased markedly over the past fifteen 

years.  

While network plots help in uncovering these overall, systematic trends, 

they also raise many additional questions: How significant is the phenomenon of 

text reuse to the entire system of rulemaking? How did patterns change year-to-

year in our dataset? And who are the most influential agencies in the network? 

In the following Subpart, we attempt to shed light on these and other questions. 

1. Scope 

To examine how significant the phenomenon of regulatory text reuse is and 

how its significance has changed over time, we begin by considering how much 

of the language in the CFR is original to the agency and how much of it is simply 

a version of pre-existing regulatory text. We thus compute the number of 

paragraphs in the CFR that have been reused as a fraction of all paragraphs 

appearing in the CFR over time.102 

 

Figure 3: Reused text as a fraction of all paragraphs, 2000 to 2020 
 

 

Figure 3 plots the yearly number of shared paragraphs over time. A blue 

dashed regression line indicates linear time trends, with the grey-shaded area 

surrounding it representing 95% confidence intervals of the linear trend. Note 

that the share of reused paragraphs increases over time, from less than 3% in the 

year 2000 to more 10% by 2020: a relative increase of more than 300%. Put 

differently, as of 2020, one out of every ten new paragraphs in the CFR has been 

borrowed from pre-existing text. 

                                                        
102 Technically, only paragraphs that appear in full text in the FR are included in our analysis. 
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As Figure 3 suggests, the rate of text reuse was particularly high in 2017—

the first year of the Trump Administration. Manual inspection reveals that this 

spike reflects a particularly high count of reused paragraphs103 combined with a 

decrease in overall regulatory activity.104 In other words, the rate was higher in 

that year because agencies were both borrowing more texts while promulgating 

a smaller number of new regulatory paragraphs. This finding is consistent with 

two documented observations about the start of the Trump Administration: first, 

the slow-down in regulatory activity and, second, the short staffing in agencies.105 

The slowdown likely explains the decrease in new regulatory paragraphs, while 

the decrease in administrative capacity may have precipitated more borrowing 

from pre-existing rules. 

The general upwards trend in Figure 3, in turn, may reflect a number of 

different explanations, which are difficult to disentangle. First, it could reflect 

the choices of the Trump Administration, as just discussed. The magnitude of 

the increases in borrowing rates during those years could increase the average 

rates over time. Alternatively, the trend could also reflect a genuine overall 

change in agency behavior over time, that is, a decision to borrow regulatory 

texts at a higher rate. With the historical decrease in agency budgets,106 agencies 

may increasingly turn to the strategy of text reuse as a way to maintain regulatory 

activity.  

Another set of potential explanations arises from the necessarily increasing 

stock of regulatory paragraphs over time. As the years pass, the amount of 

regulatory language in the CFR necessarily increases. Thus, the trend could 

merely be a function of the increasing stock of text available for agencies to 

                                                        
103 The absolute number of copied significant paragraphs increased from 2,800 in 2016 to 

4,000 in 2017. 

104 The absolute number of new significant paragraphs decreased from almost 47,000 in 2016 

to 20,000 in 2017. 

105 See Patrick A. McLaughlin, Regulatory Data—Trump’s First Year, available at 

https://www.quantgov.org/trumpfirstyear (“During President Trump’s first year, federal 

regulations grew by about 0.65 percent, less than the growth rate of any other president’s 

first year in office since our data begin in 1970. This rate of growth is also less than one-

third of the long-term annual growth rate for federal regulations, which, from 1970 to 2016, 

was about 2.1 percent.”); see also Lisa Rein, How Trump’s first year has decimated federal 

bureaucracy, INDEPENDENT (Dec. 30, 2017) 

https://www.independent.co.uk/news/world/americas/president-donald-trump-white-house-

first-year-inauguration-federal-bureaucracy-barack-obama-a8135921.html (“By the end of 

September, all Cabinet agencies except Homeland Security, Veterans Affairs and Interior 

had fewer permanent staff than when Trump took office in January – with most shedding 

many hundreds of employees.”). 

106 See Jonathan Remy Nash, J.B. Ruhl, and James Salzman, The Production Function of the 

Regulatory State: How Much Do Agency Budgets Matter? 102 MINN L. REV. 695, 697 (2017) 

(providing data that suggest that “budget-cutting initiatives, whether aimed at specific 

agencies or the regulatory state in general, have gone far beyond rhetoric to impose real 

impacts on agency resources”). 
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borrow. Moreover, because our dataset begins in 2000, this limitation can also 

mechanically create the perception of an increase.107    

To address these concerns, we now assess reuse patterns while omitting any 

pair in which more than five years lie between the publication dates of the two 

paragraphs. The idea behind this approach is that it discounts reuse if the text 

that is borrowed from is “old” in some sense. Starting in 2005, it thus mitigates 

the concern that observed diffusion practices are merely dictated by an ever-

growing body of regulatory text to borrow from. The result is depicted as a green, 

dotted line in Figure 3. Although the five-year restriction naturally lowers the 

amount of text reuse each year, it remains comparatively high, with 8% of all 

paragraphs copied by the year 2020. 

Under this more conservative measure, the rate of borrowing now appears 

steadier over time between 2000 and 2016, with a marked increase shortly before 

2017. The observed increase in text reuse, that is, is now driven almost entirely 

by an increase in text reuse under the Trump administration. On the one hand, 

this five-year constraint suggests that the previously observed trend, at least 

before 2017, may have been a function of the increasing stock of regulatory texts, 

rather than any changes in agency behavior. On the other hand, the five-year 

constraint also dispenses with actual cases of copying by the agency, which may 

not be ascribable to the stock alone. As a result, it is unclear which approach best 

describes the underlying reality: each presents methodological tradeoffs. What 

we can say is that both of these measures do suggest a change in agency behavior, 

especially under the Trump Administration, rather than a mechanical result of 

the dataset.108   

*     *     * 

To add additional context, Figure 4 now examines the number of agencies 

over time that participate in text reuse. We denote as “borrowing” agencies those 

agencies that reuse regulatory paragraphs and as “lending” agencies those from 

whom regulatory paragraphs are reused.109 As Figure 4 below indicates, both the 

number of borrowing and the number of lending agencies increases over time.  

                                                        
107 Specifically, if a regulation is borrowed from the pre-2000 CFR for the first time, we treat 

it as an instance of original rulemaking. Only when it is borrowed subsequent times do we 

capture it as an instance of text borrowing. This means that we undercount instances of text 

reuse in early years. However, because we do track text reuse of pre-2000 rules after the first 

instance of borrowing, and because agency proclivity to borrow from old rules decreases over 

time, the potential bias induced should be most pronounced in early years, and then quickly 

decrease. 

108 This observation would be consistent with a vein of recent literature on the singularity of 

the recent regime. See, e.g., Robert L. Glicksman & Emily Hammond, The Administrative 

Law of Regulatory Slop and Strategy, 68 Duke L.J. 1669 (2019) (noting “a pattern” where 

Trump administration agency action is “inconsistent with basic administrative law doctrines”); 

Jody Freeman & Sharon Jacobs, Structural Deregulation, HARV. L. REV. at 7-8 (forthcoming), 

draft available on SSRN, https://papers.ssrn.com/sol3/papers.cfm?abstract_id=3835246 

(noting the Trump administration’s “structural deregulation” strategy to impair agencies). 

109 As before, we consider two paragraphs being “reused” if their similarity is at or above our 

threshold of 0.5. 
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Figure 4: Lending and Borrowing Agencies 
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However, the increase in the number of lending agencies is much steeper than 

the increase in the number of borrowing agencies. This suggests that the network 

of paragraph reuse disperses more over time, with a relatively small number of 

agencies borrowing text from an increasingly large group. In other words, 

regulatory paragraphs diffuse from more agencies over time. The trend persists 

if we constrain instances of text reuse to a five-year window, although as before, 

much of the observed increase is recent. 

Overall, our analysis suggests that the reuse of regulatory paragraphs is a 

phenomenon that has potentially increased in significance. Not only has the share 

of all reused text increased over time— recall that a more conservative analysis 

suggests that most of the increase is concentrated in recent years—but so have 

the number of agencies that participate in the practice.  

 

2. Leaders and Followers 

These aggregate observations, however, do not tell us much about 

relationships between particular agencies or the extent to which those agencies 

dominate the trends, whether as leaders or followers. A natural follow-up 

question therefore is which specific agencies are influencing the regulatory 

process through their outsized roles. To gain insights, we compute “leadership” 

and “follower” scores for each agency. To motive our analysis, note that agencies 

can either lend or borrow regulatory language. An agency that frequently lends 

its regulatory language to other agencies likely has a significant influence on 

regulatory drafting. An agency that primarily borrows regulatory language 

without lending it is likely to have little relevance beyond the confines of its own 

jurisdiction.  

There are at least two different ways in which an agency could be considered 

a “leader” in regulatory drafting: The first focuses on the agency’s overall 

influence on the Code of Federal Regulations, while the second looks at the 

number of other agencies that copy from it. In other words, an agency could be 

considered a leader for (1) its depth of influence on published regulatory text as 

a whole or (2) for its breadth of influence on a number of different agencies. 

These two measures highlight different aspects of drafting leadership. 

Along the first dimension regarding depth of influence, we use a weighted 

count of the number of times an agency’s original regulatory paragraphs have 

appeared in the CFR. The weights are necessary to account for situations where 

an agency’s text has been reused by multiple agencies over time. In these 

situations, the leadership attribution must be split among agencies that previously 

reused the text since a borrowing agency could have looked to any of these 

agencies for leadership. The Appendix explains this approach in more depth. 

Using this measure, Table 2 below ranks the top five agency leaders in terms of 

their absolute impact on the CFR. Again, the leadership score in the righthand 

column reflects the weighted number of drafted paragraphs that have been copied 

by others.  
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Table 2: Top Five Agencies by Leadership Score 
 

Agency Weighted 

Leadership Score 

Department of the Treasury 1332 

 

Office of Management & Budget 842 

 

Federal Deposit Insurance Corporation 763 

 

Department of Homeland Security 733 

 

Department of Transportation 715 

 

 

One might argue here that these results should be normalized in some sense 

by the agency’s drafting activity level. The idea would be that a leadership score 

could potentially be indicative of the quality of the regulations written by an 

agency; thus, that score should be adjusted by the number of regulations 

drafted.110 Such a normalized measure, however, is likely to be misleading for a 

number of reasons. First, highly specialized agencies are more likely to regulate 

in narrow issue areas, thus producing text that may not be reused by other 

agencies for lack of relevance. So a lower fraction of copied paragraphs may 

reflect congressional choices about an agency’s jurisdiction rather than the 

agency’s drafting prowess.  

In addition, agencies that engage in very little rulemaking may score 

artificially high when they draft regulations under cross-cutting statutes like the 

Freedom of Information Act. Because their denominators are already low, 

agencies with even a few copied paragraphs (which they may not have even 

originated) could have scores that inflate their perceived influence. For all these 

reasons, we continue our analysis with a score that is unadjusted for the amount 

of drafting activity. That said, for the sake of completeness, we provide a table 

listing adjusted leadership scores in the Appendix.111 As expected, the results are 

                                                        
110 The argument would be that some agencies have their regulations copied more only 

because they promulgate more regulations in the first place. As a result, it is important to 

adjust the number of regulatory paragraphs copied by the number promulgated. Perhaps doing 

so would result in some measure of drafting quality, a sense of what fraction of an agency’s 

drafted rules are copied. The higher this fraction, the better the agency’s drafting prowess, as 

evidenced by emulation by others. 

111 Table A.3. More broadly, there is a correlation of 0.58 between an agency’s rank based on 

our leadership scores and that agency’s rank as measured by regulatory activity. 
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largely driven by the aforementioned exogenous factors and are therefore 

difficult to interpret.112 

Returning then to our absolute measure of CFR influence, Table 2 shows 

that the Department of Treasury has the most copied paragraphs, followed by the 

Office of Management and Budget. Perhaps not coincidentally, both of these 

agencies have leadership roles when it comes to the rulemaking process. The 

Treasury Secretary chairs the Financial Stability and Oversight Council (FSOC), 

which Congress established in 2010 to address sources of systemic financial 

risk.113 More broadly, the Council’s mandate is to identify potential bank failures, 

respond to emerging financial threats, and coordinate among the member 

agencies.114 The group consists of several prominent banking-related agencies 

under Treasury’s leadership.115 As the chair, the Treasury Secretary calls 

meetings, testifies to Congress on behalf of FSOC, and can effectively veto the 

systemic designation of various firms.116 It would thus be natural for member 

agencies to perceive Treasury as a leader in other rulemaking realms as well.  

Indeed, we find that FSOC agencies are the main driver of Treasury's 

leadership score: 65% of its leadership score are the consequence of borrowing 

by FSOC agencies. More revealingly, 86% of that borrowing occurred after the 

FSOC's creation in 2010. By contrast, for non-FSOC agencies, the majority of 

copying (53%) occurred prior to the creation of the FSOC. In other words, only 

FSOC agencies increased the frequency with which they copied from the 

Department of Treasury after 2010--and drastically so. Together, these findings 

lend support to the suggestion that it was the creation of the FSOC in 2010, and 

Treasury's leadership role within it, that significantly increased the department's 

influence.  

                                                        
112 The agencies with the highest leadership scores are simply the agencies with very little 

regulatory activity. For instance, the Defense Nuclear Facilities Safety Board has the highest 

relative score, but only promulgated 89 regulatory paragraphs during our period of 

observation. In contrast, the EPA as the most active agency promulgated 84,284 paragraphs, 

but receives the third lowest relative leadership score among all agencies. 

113 See JEFFREY M. STUPAK, CONG. RESEARCH SERV., R45052, FINANCIAL STABILITY 

OVERSIGHT COUNCIL (FSOC): STRUCTURE AND ACTIVITIES (2018). 

114 See Jacob E. Gersen, Administrative Law Goes to Wall Street: The New Administrative 

Process, 65 Admin. L. Rev. 689, 693-94 (2013); Richard L. Revesz, Cost-Benefit Analysis 

and the Structure of the Administrative State: The Case of Financial Services Regulation, 34 

YALE J. REG. 545, 576-79 (2017). 

115 They include the Federal Reserve; Bureau of Consumer Financial Protection; Securities 

and Exchange Commission; the Federal Deposit Insurance Corporation; Commodity Futures 

Trading Commission; Federal Housing Finance Agency, and National Credit Union 

Administration. See About FSOC, Financial Stability Oversight Council 

https://home.treasury.gov/policy-issues/financial-markets-financial-institutions-and-fiscal-

service/fsoc/about-fsoc (last visited Oct. 17, 2021). 

116 STUPAK, supra note 113, at 3. 
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 Moreover, Treasury also has a long history and culture of quasi-

independence, which likely contributes to a flair of drafting originality.117 Over 

the years, the agency “has created for itself an ambit of discretion beyond the 

reach of the judiciary, and only somewhat within the bounds of congressional 

oversight.”118 For example, it often issues rules without notices of proposed 

rulemaking, especially on tax-related matters.119 Truncating administrative 

procedure in this way inevitably allows for more drafting discretion.120  

 Generally speaking, Treasury also has a more cooperative rather than 

litigious and antagonistic relationship with its regulated entities. 121 As a result, it 

may develop rules, particularly procedural rules, which benefit from close input 

from those required to comply with them. This cooperative dynamic could result 

in more detailed rules worthy of emulation. Indeed, the Office of the Comptroller 

of the Currency (OCC) is the unit within Treasury that has the most copied 

regulations. The OCC supervises federally-chartered banks and thrifts, 

deploying examiners to regulated banks to closely monitor them.122 

Consequently, OCC may write regulations with a more nuanced appreciation of 

its regulated entities.  

The Office of Management and Budget (OMB), in turn, contains the Office 

of Information and Regulatory Affairs (OIRA), which is charged by executive 

order with reviewing significant rules from executive agencies.123 During this 

process, OIRA evaluates the rule’s adherence to presidential policies and cost-

benefit principles, and can effectively reverse the rules on these grounds.124 

OMB’s influence is reinforced by its Resource Management Offices (RMOs), 

                                                        
117 See David Zaring, Administration by Treasury, 95 Minn. L. Rev. 187, 190 (2010) 

(“Treasury has marched to the beat of its own drum since the founding of the current 

administrative state in the aftermath of World War II.”). 

118 Id. 

119 Id. at 200, 202. 

120 See Thomas W. Merrill, The Mead Doctrine: Rules and Standards, Meta-Rules and Meta-

Standards, 54 ADMIN. L. REV. 807, 812–13 (2002) (describing Administrative Procedure Act 

as a statute[] designed to constrain agency discretion”). 

121 Id. at 207-10 (“As a regulator, Treasury embodies a cooperative approach, where its leaders 

speak on the phone with the institutions they oversee more than do senior officials at other 

agencies, perhaps more than any other agency in the government”). 

122 Id. at 207-208. 

123 See Exec. Order No. 12,866 § 6(b)(1) (“OIRA may review only actions identified by the 

agency or by OIRA as significant regulatory actions under subsection (a)(3)(A) of this 

section”). 

124 See Jennifer Nou, Agency Self-Insulation Under Presidential Review, 126 HARV. L. REV. 

1755, 1769 (2013) (discussing difference between “political review (those issues raised as part 

of the President’s agenda and priorities) and analytical review (how agencies evaluate the 

costs and benefits of regulatory options, justify the choices among them, and consider a host 

of other technical issues”); id. at 1778 (describing how “OIRA can effectively reverse an 

agency action on behalf of the President and”). 
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which implements policy choices through various budgetary levers.125 RMOs can 

also sometimes play a role in OIRA regulatory review itself. 126 As a result, 

OMB’s institutional impact on the rulemaking process is pervasive. The drafting 

choices of OMB’s components may thus have particular weight with other 

agencies. For example, OMB contains the Office of Federal Procurement Policy 

(OFPP), which is responsible for coordinating and “provid[ing] overall 

direction” for regulations related to government acquisition.127 It often uses this 

role to promulgate “model rules,”128 which are then emulated by other 

agencies.129 

An alternative way to conceptualize leadership within a network is by 

looking at the number of agencies that have copied from another agency. These 

nodes have the most edges connected to other agencies. Instead of focusing on 

an agency’s influence on published regulations as a whole, in other words, this 

measure looks instead at how many other agencies have used its language. How 

many spokes, that is, are in the most active hubs within the network?  

Table 3 below presents the top five leader agencies according to this 

alternate metric, for agencies with a minimum of five copied paragraphs (those 

with fewer paragraphs are likely outliers). The numbers in the righthand column 

represent the number of agencies that borrow from the agency listed in the 

lefthand column. Unsurprisingly, the Department of Justice has the most 

agencies that borrow from it, likely because it coordinates a number of cross-

cutting statutes applicable to a wide variety of agencies, such as Title IX of the 

1972 Education Amendments, Section 504 of the Rehabilitation Act of 1973 and 

the Age Discrimination Act of 1975.130 By executive order, the Attorney General 

is charged with reviewing “existing and proposed rules” from “Executive 

                                                        
125 See Eloise Pasachoff, The President’s Budget as a Source of Agency Policy Control, 125 

YALE L.J. 2182, 2207 (2016) (describing “aspects of the budget process [that] provide OMB 

with seven levers to control agency action”). 

126 See Curtis W. Copeland, The Role of the Office of Information and Regulatory Affairs in 

Federal Rulemaking, 33 FORDHAM URB. L.J. 101, 120 (2006) (“According to OIRA, the desk 

officers always consult with the relevant resource management office on the ‘budget side’ of 

OMB as part of their reviews, and reviews of draft rules are not completed until those offices 

sign off.”). 

127 The Office of Federal Procurement Policy, 

https://www.whitehouse.gov/omb/management/office-federal-procurement-policy/ (“The 

Office of Federal Procurement Policy (OFPP) in the Office of Management and Budget 

plays a central role in shaping the policies and practices federal agencies use to acquire the 

goods and services they need to carry out their responsibilities.”). 

128 See, e.g., Uniform Rules of Procedure for Boards of Contract Appeals and Related 

Regulations, 44 Fed. Reg. 12519-03 (Mar. 7, 1979). 

129 See, e.g., Arthur V. Wittich, Contracting with the Federal Government: The Dispute 

Resolution Process, 5 PUB. LAND L. REV. 128, 141–42 (1984) (noting that OFPPs model rules 

of procedure for contract appeals “have since been adopted by most boards, including the 

Department of Agriculture Board of Contract Appeals”). 

130 20 U.S.C.A. § 1681; 29 U.S.C.A. § 794; 42 U.S.C. 6101-6107.  
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agencies in order to identify those which are inadequate, unclear or unnecessarily 
inconsistent.” 131 Beyond merely coordinating agency action under these statutes, 

the Attorney General holds veto power over them, which can be used to require 

consistent regulatory texts across agencies.  

 

 

Table 3: Top Five Leader Agencies, by Number of Borrowing Agencies  

(with minimum of 5 paragraphs borrowed) 

 

Agency Number of 

Borrowing Agencies 

Department of Justice 58 

National Foundation on the Arts and 

Humanities 

56 

Department of Homeland Security 50 

Department of Defense 46 

Environmental Protection Agency 43 

 

Turning to the next agency on the list, the reasons for the National 

Foundation on the Arts and Humanities influence are not obvious at first glance. 

A qualitative examination, however, reveals that most of the borrowing from 

other agencies appears to arise from regulations issued by one of its 

subcomponents: the Institute of Museum and Library Services (IMLS). The 

primary mission of IMLS is to award grants and develop policy with regard to 

American museum, libraries and similar organizations.132 In 2010, Congress 

granted the Director new responsibilities to coordinate “museum, library, and 

information services” with other broader information dissemination efforts 

across government.133 This leadership role may help to explain why many 

borrowed regulations deal with the Freedom of Information Act and similar 

information-related policies.   

 

 

*     *     * 

Turning now from leader to follower agencies, we also compute a 

“follower score,” measured by the number of unique paragraphs borrowed by 

that agency. Table 4 presents the results of that analysis, ranking the top five 

agencies in terms of the number of paragraphs copied from others.  While we 

                                                        
131 Leadership and Coordination of Nondiscrimination Laws, Exec. Order 12250, 45 FR 72995  

(November 2, 1980) (emphasis added). 

132 https://www.imls.gov/about/mission (describing “mission” to “advance, support, and 

empower America’s museums, libraries, and related organizations through grantmaking, 

research, and policy development”). 

133 20 U.S.C. 9103 
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explore various theories for regulatory diffusion below,134 we explore some 

possible explanations here in the context of specific agencies. One striking 

feature of the agency with the highest follower score — the Department of 

Homeland Security (DHS) — is its jurisdictional breadth. When DHS was 

established in 2002, it combined 22 different federal departments and agencies 

into one Cabinet-level agency.135 As such, it “gained regulatory authority over 

transportation security and matters as disparate as marine ecosystems and 

refugee admissions.”136 Indeed, current DHS sub-components include the 

Citizenship and Immigration Services; Coast Guard; Customs and Border 

Protection; the Federal Energy Management Agency; Immigration and 

Customs Enforcement; Secret Service;, and the Transportation Security 

Administration.137  In this manner, the jurisdiction of DHS is as broad as it is 

disparate. 

 

Table 4: Top Five Agencies by Follower Score 

 

Agency Follower Scores 

Department of Homeland Security 1790 

Department of Agriculture 1449 

Department of the Treasury 1378 

Department of Defense 1332 

Department of Health and Human Services 1216 

 

 

Because of its history and wide-ranging mission, DHS has functions that 

are adjacent to many agencies, such as the Department of Justice (DOJ) in the 

immigration context138 and the Department of Transportation (DOT) on issues 

of maritime security.139  Given that DHS was created more recently than many 

agencies, DHS likely sought regulatory consistency by reusing paragraphs from 

already existing agencies. Indeed, the Coast Guard was originally housed in 

                                                        
134 See Part II.A. 

135 History, Homeland Sec., (June 15, 2018), https://www.dhs.gov/history. 

136 Dara Kay Cohen et. al., Crisis Bureaucracy: Homeland Security and the Political Design 

of Legal Mandates, 59 STAN. L. REV. 673, 676 (2006). 

137 Operation and Support Components, Homeland Sec., (Dec. 3, 2020), 

https://www.dhs.gov/operational-and-support-components. 

138  See, e.g., Bijal Shah, Uncovering Coordinated Interagency Adjudication, 128 HARV. L. 

REV. 805, 832 (2015) (describing coordination between DOJ and DHS on asylum 

applications).  

139 Jason Marisam, Duplicative Delegations, 63 ADMIN. L. REV. 181, 219 (2011) (observing 

that “the Coast Guard was transferred from DOT to DHS” and must thus now “coordinate 

with the Department of Transportation for the peacetime maintenance of the coast”). 
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DOT before it was transferred to DHS.140 It would thus be natural for staff at 

Coast Guard to look to the work of their former colleagues at DOT. Moreover, 

the sprawling nature of the agency, particularly when resources are spread thin, 

would also make text reuse more attractive.  

A different snapshot of the regulatory drafting network also supports the 

theory that policy consistency is a major driver of diffusion, especially within 

relatively closed networks. Table 5 below identifies the strongest lender-

borrower relationships between individual agencies. To that end, we compute 

the weighted frequency of each unique agency pair.141 Most of the pairs reflect a 

jurisdictional overlap between the agencies. For example, both Treasury and the 

Federal Deposit Insurance Corporation deal with the issue of bank stability and, 

as discussed, are members of FSOC.142 As also mentioned, both DHS and DOT 

deal with transportation-related matters, with DHS containing subcomponents 

like the Coast Guard that were formerly part of DOT.143 Both Treasury and the 

Federal Reserve are also members of FSOC.144  

 

Table 5: Top Five Agency Pairs by Weighted Frequency 
 

 

Lending Agency Borrowing Agency Frequency 

(weighted) 

Department of the 

Treasury 

Federal Deposit Insurance 

Corporation 

450  

Department of 

Transportation 

Department of Homeland 

Security 

412 

Department of the 

Treasury 

Federal Reserve System 336 

Department of Homeland 

Security 

Department of Transportation 160 

Social Security 

Administration 

Office of Management and 

Budget 

157 

 

 

                                                        
140 Id. (noting that the Coast Guard was transferred from DOT to DHS). 

141 We once again apply weighting scheme to take into account uncertainty about whom an 

agency borrowed from. In our analysis, we take into account the direction of the reuse. Hence, 

if 𝐴2 borrows text from 𝐴1, we treat this as different from a text reuse where 𝐴1 borrows from 

𝐴2. 

142 https://home.treasury.gov/policy-issues/financial-markets-financial-institutions-and-

fiscal-service/fsoc/about-fsoc 

143 See supra notes 139-140 and accompanying text. 

144 https://home.treasury.gov/policy-issues/financial-markets-financial-institutions-and-

fiscal-service/fsoc/about-fsoc 
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From a network perspective, we also note that some agencies such as the 

Treasury Department and DHS appear in both lists as top leader and follower 

agencies. From a network perspective, this suggests that both agencies are key 

to the overall patterns observed in the network. In addition, both are agencies 

that produce a high number of regulatory paragraphs and have broad 

jurisdictions.145 While Treasury’s jurisdiction is not as disparate as that of DHS, 

the agency does deal with a number of discrete issues such as government 

finances; taxation; currency; the supervision of national banks and thrift 

institutions; terrorist financing; as well as international trade policy.146 As a 

result, individual offices and bureaus may be drafting leaders, while others are 

followers based on their respective histories and jurisdictions. In other words, 

the relative autonomy and activity of these subcomponents may explain the 

status of both parent agencies as top leaders and followers.   

 

 

*     *     * 

 

Finally, one notable feature about the top leader and follower tables above 

is the relative dearth of independent agencies.147 Indeed, the Federal Deposit 

Insurance Corporation and Federal Reserve are the only independent agencies 

that appear in them.148 Does this imply that executive agencies are more 

influential as drafters or more prominent as followers considering their share of 

rulemaking activity? To examine this question, we now analyze whether the text 

an agency uses to draft its regulation is more likely to originate from an 

independent or executive agency, depending on whether the borrowing agency 

is independent or executive.  

 

 

 

 

 

                                                        
145 See Table A.1 below. 

146 U.S. Dept. of Treasury, Role of the Treasury, https://home.treasury.gov/about/general-

information/role-of-the-treasury. 

147 What falls into the category of “independent agencies” is contested. Some distinguish 

between “executive” and “independent” agencies according to whether their heads are 

removable for cause. However, many have shown that other criteria such as multi-member 

boards or fixed terms better track notions of agency independece. See Kirti Datla & Richard 

L. Revesz, Deconstructing Independent Agencies (and Executive Agencies), 

98 CORNELL L. REV. 769, 772 (2013) (calling “incorrect” the assumption that “agencies can 

be divided into two identifiable, distinct sets: independent and executive”). That said, for our 

purposes, the statutory definition of “independent regulatory agency” is a serviceable way to 

draw the line for our purposes. See Paperwork Reduction Act, 44 U.S.C. § 3502(5) (2012) 

(defining “independent regulatory agency”). 

148 Id. (designating the Federal Deposit Insurance Corporation as an “independent regulatory 

agency”). 
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Table 6: Percentage of Borrowed Text by Executive or Independent Agency 
 

 Executive Agency 

Lender 

Independent Agency 

Lender 

Executive Agency  

Borrower 

90% 10% 

Independent Agency  

Borrower 

72% 28% 

 

 

Table 6 above presents the rates at which executive and independent 

agencies borrow paragraphs from their counterparts. Initially, one might 

conclude that both executive and independent agencies borrow more from 

executive agencies as a group. But this is not necessarily the case. After all, only 

10% of all regulatory paragraphs are promulgated by independent agencies.149 

The rate at which executive agencies borrow from independent ones corresponds 

to the share of regulatory paragraphs promulgated by independent agencies. 

Hence, there is no evidence to suggest a systematic bias by executive agencies 

in favor of or against independent agencies.  

By contrast, independent agencies borrow regulatory text from other 

independent agencies at twice the expected rate. One explanation is that 

independent agencies “trust” texts from their counterparts, who are generally 

more expert and less subject to political change than executive agencies.150 After 

all, independent agencies (as their name suggests) are more sheltered from the 

whims of changing presidential administrations.151 By contrast, Presidents wield 

more control over executive agencies to carry out their agendas,152 which may 

render regulations issued by independent agencies less appealing as templates.  

 

 

II. Explaining Diffusion 

Against this empirical backdrop, this Part more systematically considers the 

incentives agencies have to reuse regulatory texts when drafting their own. The 

                                                        
149 Of all substantive paragraphs in our FR dataset, 76,477 have been promulgated by IRAs 

and 574,687 have been promulgated by EAs. 

150 See Emily Hammond Meazell, Presidential Control, Expertise, and the Deference 

Dilemma, 61 DUKE L.J. 1763, 1778 (2012) (“Thus, independent  agencies--which burgeoned 

during the New Deal--were designed with the purpose of shielding expert decisionmakers 

from the shifting winds of politics.”). 

151 Id. 

152 See Nina Mendelson, Another Word on the President’s Statutory Authority over Agency 

Action, 79 FORDHAM L. REV. 2455, 2459 (2011) (detailing expansion of presidential 

control over executive agencies). 

Electronic copy available at: https://ssrn.com/abstract=4027009



 

 39 

first section examines factors informing this choice, while the second section 

considers the mechanisms through which texts diffuse.   

A. Why Diffusion 

Command-and-control. One straightforward explanation for text reuse 

between administrative agencies is direction from a political principal, whether 

Congress or the President. Sometimes, Congress will require agencies to issue 

regulations that mimic those of another. The Securities and Exchange Act, for 

example, calls for the Office of the Comptroller of the Currency (OCC), the 

Federal Reserve, and the Federal Deposit Insurance Corporation (FDIC) to issue 

regulations that are “substantially similar” to those of the SEC in specific 

arenas.153 As a matter of practice, “all of these agencies have copied the SEC’s 

regulations, and when the SEC amends its regulations, the banking regulators 

usually follow.” 154  

At other times, Congress exercises a lighter touch. Instead of requiring that 

regulations diffuse, it might command agencies to “share[] regulatory space”155 

by designing overlapping functions, granting related jurisdictional tasks, and 

explicitly requiring concurrence among agencies.156 Congress can also enact 

cross-cutting statutes like the Freedom of Information Act and Privacy Act that 

apply across many agencies.157 In these kinds of situations, agencies are not 

required to copy each other’s texts, but may have greater incentives to do so to 

ensure consistency between their programs. To get a rough sense of this 

dynamic, it is worth noting that roughly two-thirds of the observations in our 

dataset share some statutory authority. This may suggest that a good portion of 

regulatory diffusion occurs because of choices that Congress has made, though 

some of the decision-making still lies in the drafting agency’s discretion.    

The President also issues executive orders requiring coordination between 

agencies, often resulting in the same regulations being passed by different 

agencies. While coordination is not an explicit command to agencies to copy 

each other’s regulations, it can sometimes amount to that due to a desire to 

promote consistent policy. One order from President Carter, for example, called 

for his Attorney General to coordinate and, more importantly, approve 

regulations regarding non-discrimination policy across various statutes.158 The 

                                                        
153 15 U.S.C. § 78l(i). An exception exists where the agencies “find that implementation of 

substantially similar regulations with respect to insured banks and insured institutions are not 

necessary or appropriate in the public interest or for protection of investors, and publish such 

findings, and the detailed reasons therefor, in the Federal Register.” Id. 

154 See Bradley, supra note 9, at 751.  

155 See Freeman & Rossi, supra note 37, at 1146. 

156Id. at 1146, 1160. 

157 Freedom of Information Act, 5 U.S.C. § 552; Privacy Act of 1974, 5 U.S.C. § 552(a); 5 

U.S.C. § 552(f).  

158 Exec, Order No. 12250, Leadership and Coordination of Nondiscrimination Laws, 45 FR 

72995 (Nov. 2, 1980), https://www.justice.gov/crt/executive-order-12250. 
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agencies that issued regulations in response published rules with the same 

regulatory texts.159 In this manner, diffusion can occur because of mandates 

external to the agency.  

Interest Group Pressure. Other external pressures on the agency come in the 

form of interest groups. It is already well-known that lobbyists supply model 

legislation to state legislators.160 One study, for example, found that “at least 

10,000 bills almost entirely copied from model legislation were introduced 

nationwide in the past eight years, and more than 2,100 of those bills were signed 

into law.”161 For legislators, copying model legislation is a low-cost way to get 

credit for introducing and writing bills, while also currying favor with campaign 

donors. Interest groups, for their part, can exert influence under-the-radar: 

Providing legislative text does not need to be disclosed on campaign finance or 

other expense forms. But once introduced, model bills can “go viral” across 

states, “executing an agenda to the letter.”162  

So it would be unsurprising to find that interest groups supply regulatory 

templates to federal agencies as well. After all, regulations can be even more 

consequential than statutes—they actually execute the relevant policy choices. 

Indeed, interest groups like the National Association of Insurance 

Commissioners and United for Efficiency draft and post model regulations.163 

They likely encourage agency rule drafters to adopt them through the same 

informal channels interest groups normally use to influence agencies.164 More 

formally, private actors also propose regulatory text to agencies through 

rulemaking petitions.165 The National Civil Liberties Alliance, for example, has 

petitioned more than a dozen agencies to adopt proposed regulatory text 

                                                        
159 See, e.g., EPA Nondiscrimination, 52 FR 30598; Group 1 Nondiscrimination, 51 FR 4566; 

Group 2 Non discrimination, 51 FR 22880. 

160 Rob O’Dell and Nick Penzenstadler, Copy, Paste, Legislate: You Elected Them to Write 

New Laws. They’re Letting Corporations Do it Instead, USA TODAY NEWS (Apr. 3, 2019), 

https://www.usatoday.com/in-depth/news/investigations/2019/04/03/abortion-gun-laws-

stand-your-ground-model-bills-conservatives-liberal-corporate-influence-

lobbyists/3162173002/.  

161 Id. 

162 Id. 

163 See, e.g., Model Laws, NAIC , https://www.naic.org/prod_serv_model_laws.htm (last 

visited Oct. 17, 2021); Model Regulation Guidelines, UNITED FOR EFFICIENCY, 

https://united4efficiency.org/resources/model-regulation-guidelines/ (last visited Oct. 17, 

2021). 

164 See Scott R. Furlong & Cornelius M. Kerwin, Interest Group Participation in Rule Making: 

A Decade of Change, 15 J. PUB. ADMIN. RSCH. & THEORY 353, 362-63 (2005) (describing 

various methods of interest group participation before the formal notice-and-comment period). 

165 5 U.S.C. 553(e). See generally Jason A. Scwartz & Richard L. Revesz, Petitions for 

Rulemaking, Final Report to the Administrative Conference of the United States, 

https://www.acus.gov/sites/default/files/documents/Final%2520Petitions%2520for%2520Ru

lemaking%2520Report%2520%255B11-5-14%255D.pdf.  
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regarding the use of agency guidance documents.166 The organization has 

submitted written comments to four different agencies to adopt the same 

regulatory texts as well.167 

Learning. There are also potential explanations for regulatory diffusion 

arising from the agency’s perspective. For starters, agencies learn from other 

agencies.168 When rule drafters confront a novel subject area, it would be natural 

for them to look at how other agencies have approached similar issues. The need 

for agencies to learn would be particularly acute when agencies are newly 

created or when they gain new statutory authorities. 

Learning, in our context, implies that a policy or drafting decision by another 

agency has been perceived to be successful, thus meriting adoption.169 

“Successful” rules could include those that have been upheld in court, desirably 

interpreted, or fostered compliance. Risk-averse lawyers, for example, prefer 

language from other agencies that have survived litigation.170 When success is 

more difficult to measure or observe, agencies can also use proxies: For example, 

rules may be perceived as successful if they have not been abandoned over 

time.171 In this sense, learning results in a kind of standardization.172 As one 

                                                        
166 New Civil Liberties Alliance, Petitions for Rulemaking Filed By NCLA: The New Civil 

Liberties Alliance Is Taking Federal Departments and Agencies To Task, NEW C.L. ALL. , 

https://nclalegal.org/petitions/ (last visited Oct. 17, 2021).  

167 See, e.g., Letter from Kara Rollins, Litig. Couns., New C.L. All., to Brenna Jenny, U.S. 

Dep’t Health & Hum. Serv. (Sept. 16, 2020), https://nclalegal.org/wp-

content/uploads/2020/09/2020-14-09-NCLA-Final-Comment-to-HHS-re-HHS-Good-

Guidance-Practices.pdf 

168 See Dorit Rubinstein Reiss, Account Me in: Agencies in Quest of Accountability, 19 J.L. & 

POL’Y 611, 678 (2011) (“Agencies learn from each other—for example, other agencies 

emulated the experience of the first agencies with negotiated rulemaking, and OMB 

incorporated it into an executive order, recommending it to all agencies.”). 

169 See Charles R. Shipan & Craig Volden, The Mechanisms of Policy Diffusion, 52 AM. J. 

POL. SCI. 840, 841-42 (2008) (“learning involves a determination of whether a policy adopted 

elsewhere has been successful”).  

170 Interview with Daniel Cohen, Assistant General Counsel for Regulation, U.S. Department 

of Transportation (Feb. 3, 2021) (notes on file with author). Lawyers are often rule drafters, 

sometimes writing the first draft and other times providing “critical input.” Thomas O. 

McGarity, The Role of Government Attorneys in Regulatory Agency Rulemaking, 61 L. & 

CONT. PROBS. 19, 26 (1998). ADMINISTRATIVE CONFERENCE OF THE UNITED STATES, FINAL 

REPORT ON PLAIN LANGUAGE DRAFTING 26 (2017), 

https://www.acus.gov/sites/default/files/documents/Plain%20Regulatory%20Drafting_Final

%20Report.pdf (“In some agencies, such as the IRS (which considers their regulations an 

exercise in statutory interpretation, rather than novel policy-making), rules are drafted by 

lawyers in the first instance. Most OGCs, however, will mainly be responsible for ensuring 

compliance with the APA and other relevant legal considerations.”). 

171 Shipan & Volden, at 842. 

172 Cf. Marcel Kahan & Michael Klausner, Standardization and Innovation in Corporate 

Contracting (or “The Economics of Boilerplate”), 83 VA. L. REV. 713, 719 (1997). Kahan 

and Klausner identify the “potential ‘learning’” Id. at 719-20. 
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rulewriter put it, drafters sensibly want to “take the best pieces of regulations” 

from other agencies and “mix and match” provisions accordingly.173 

Resource Costs. Text reuse becomes even more attractive when drafters are 

operating under time or resource constraints. Say, for example, that there is a 

statutory deadline on the horizon. Or an outgoing President demands midnight 

rules. Or there is a scheduled speech during which the regulation will be 

announced. When deadlines like these loom, drafters would be more tempted to 

turn to pre-existing regulatory texts, at least on the margin. Drafting rules from 

scratch is costly. It usually requires coordination between multiple team 

members—lawyers, economists, program officers.174 Substantive issues require 

research; options memos must be written; analyses must be completed.175 Thus, 

the more a drafter is resource-constrained, the more likely she will be to borrow 

language from other regulations. One would thus expect an inverse relationship 

between an agency’s resources — measured perhaps by budget or staffing 

numbers — and rates of regulatory text reuse. Note that this prospect could also 

help “deossify” rulemaking — that is, make it easier for agencies to amend rules 

by lowering the costs of drafting new ones.176 

Regulatory consistency and coordination. Finally, consider the idea that 

regulations should be considered not as individual units in isolation, but rather 

as elements of a larger regulatory system contained in the CFR. In this view, text 

reuse allows new regulatory language to be more easily embedded into a system 

of increasingly complex rules. By contrast, when an agency drafts language from 

scratch, it risks creating unintended inconsistencies and conflicts with 

preexisting policy choices.  

Consider, for example, the Dodd-Frank Act, which requires the SEC and 

CFTC to “consult and coordinate” with each other in the regulation of credit 

swaps “for the purposes of assuring regulatory consistency and 

comparability.”177 After the CFTC issued a final rule regarding business conduct 

standards for swaps, the SEC reopened its comment period on its own rules.178 

                                                        
173 Interview with Anonymous Agency Official (Feb. 26, 2021) (notes on file with author).  

174 These teams or “work groups” are usually led by a program office and include members 

from other subunits that have a stake in the rule. See CORNELIUS M. KERWIN & SCOTT R. 
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Thomas O. McGarity, The Role of Government Attorneys in Regulatory Agency Rulemaking, 

61 L. & CONT. PROBS 19, 20 (1998) (“The team model is the predominant model for internal 

agency decisionmaking in the context of informal rulemaking.”); ACUS Final Report on Plain 

Language Drafting 26 (2017), 

https://www.acus.gov/sites/default/files/documents/Plain%20Regulatory%20Drafting_Final

%20Report.pdf. 
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Unlike the SEC’s original proposal, where “commenters were divided as to 

whether they preferred the Commission's or the CFTC's proposed approach to 

specific issues,” commenters “overwhelmingly urged the Commission to 

harmonize its external business conduct rules with those of the CFTC.”179 The 

difference now was that industry groups had already “invested significant 

resources and infrastructure to develop and implement systems, policies, and 

procedures to comply with these final rules.”180 In response to these comments, 

the SEC indeed revised its final rules to “conform them to the rules adopted by 

the CFTC.”181 In this manner, copying another agency’s regulation helps ensure 

regulatory consistency and the possibility that the new rule better fits better into 

the regulatory system as a whole.182 

B. Channels of Diffusion 

When drafters seek to emulate regulations from other agencies, through what 

channels do these texts diffuse? Sometimes, it is as simple as pulling up the 

electronic version of the Code of Federal Regulations and running a keyword 

search.183 Indeed, one government lawyer reported doing just that: surveying 

published regulations on the same subject matter to emulate those she thought 

the most appropriate.184 But rule drafters share information through many other 

channels as well. Some of these channels are formal and mandated by Congress 

or the President. Consider statutorily required consultation requirements; 

bilateral agency memoranda of understanding; and presidential tools of 

coordination such as policy councils and regulatory review.185  

To illustrate, take the Obama Administration’s Second Open Government 

National Action Plan.186 As part of this plan, the Administration pledged to 

“initiate an interagency process” to draft a potential “core” regulation regarding 

the Freedom of Information Act “that is both applicable to all agencies and 
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180 Letter from Robert G. Pickel, Chief Executive Officer, ISDA, to Elizabeth M. Murphy, 

Secretary, SEC (July 22, 2013), at 3.  

181 SEC’s Final Rule, 81 FR at 29962.  

182 Cf. Spencer Williams, Contracts as Systems, 45 DEL. J. CORP. LAW 219 (2021) (making a 
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retains flexibility for agency-specific requirements.”187 The Office of 

Information Policy (OIP) within the DOJ led a two-year group to fulfill the 

National Action Plan’s requirements, after which it issued template FOIA 

regulations for other agencies to adopt.188 The template succeeded in getting 

some agencies to adopt the same regulatory language, though its records of 

success was mixed.189 

Congress can also create more indefinite offices to coordinate the 

implementation of trans-substantive statutes like FOIA. In 2009, for example, 

the Office of Government Information Services (OGIS) was established as part 

of the National Archives and Records Administration to “advocate for the proper 

administration of FOIA.”190 While it issues guidance documents, OGIS also 

provides feedback on individual agencies’ proposed FOIA regulations for 

“clarity and readability”191 through both direct contact with agencies and 

comments on their proposed rules.192As part of this process, OGIS often provides 

drafting templates or recommends that agencies use the same language adopted 

by another agency. For example, from 2011 to 2013, OGIS submitted comments 

                                                        
187 Id. at 3.  

188 See Department of Justice, Office of Information Policy, Guidance for Agency FOIA 

Regulations, updated June 26, 2019, available at https://www.justice.gov/oip/oip-

guidance/guidance-agency-foia-regulations.  

189 OGIS recommended that the DOI follow the template regulations published by the DOJ 

and promise to forward misdirected requests to the appropriate subcomponent within the DOI. 

See Office of Government Information Services, Public Comment on Proposed Rule for 

Department of the Interior Freedom of Information Act Regulations (Sept. 13, 2012) RIN 
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regulations in its comments to the VA’s 2018 proposed rule. See Office of Government 

Information Services, Public Comment on Department of Veterans Affairs Proposed Rule 

regarding Release of Information from Department of Veterans’ Affairs Records, VA 2018, 
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